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optlmlzatl.on algorl.thm base‘{' on The simulation results show that compared to GA without GANs post-processing, in MMSE-
GANSs, which combines GA with . .. . . .
he t i IRC and SVD examples of the wireless communication system, the optimal solution obtained
G:Ns to o.vercome the former's by trained GANs is closer to the true optimal solution, and their power consumption is
shortcomings. reduced by 24.49% and 17.54% respectively, while the delay is reduced by 10.89% and 8.77%
respectively, and it performs better in terms of distribution and convergence (refer to IGD).
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